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Abstract s , , , The Conformable Information Filter (CIF) Case 2: o =0.67,dt = 107"

In this project, we offer application to our previously constructed information . | | |

filter. The information filter is an algorithm used to estimate the information of a 5 . . T
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process corrupted in some way. The information filter is mathematically similar to
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the same properties as the classical derivative but lacks the usual semigroup Backwards Estimate Update:
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systems. The first model represents an aircraft in midflight tracked by radar. The

second model tracks selected economic indicators over 2015-2024. Smoother Gain: | | | —
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provided that the limit exists.

Case 3: o =0.33,dt=10""

Properties of the Conformable Derivative ] ]
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Consider the system
r(t) = AWDa(t) + Btu(t) + Gult), w(t) = | = || " R
y(t) = C(t)x(t) + v(t) | W |
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" u € R™ s the deterministic control, - Optimal and Robust Estimation: With an Introduction to Stochastic Control
= y € R? is the measurement, ' Theory.
» w € R'is the process noise, and = = " = o CRC Press, 2008.
" v € R” is the measurement noise. J : - - —— . . . [2] Tom Cuchta, Dylan Poulsen, and Nick Wintz.
e Linear quadratic tracking with continuous conformable derivatives.
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